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Executive summary

Spaceborne precipitation radars such as the instruments currently onboard the Global Precipi-
tation Measurement mission, the CloudSat satellite, and the future EarthCare mission all offer
unique profiling capabilities of clouds and precipitation at a global scale. While being a pre-
cious source of information for atmospheric research (Hou et al., 2014; Stephens et al., 2002),
many applications have also emerged from observations taken by these instruments.

The present document aims at illustrating different applications of cloud and precipitation radar
observations that have been fostered by exchanges within the IPWG community since it was
established as a permanent Working Group of the Coordination Group for Meteorological Sat-
ellites (CGMS) on 20-22 June 2001 in Fort Collins, CO.

With years, these applications have reached different degrees of maturity. While the precipita-
tion retrieval community now makes a routine and efficient use of these observations, other
communities like the numerical weather prediction one have made significant progress and are
getting ready to fully exploit spaceborne precipitation radars. Innovative applications also
emerge to benefit from these observations, e.g., to be used as a reference for the inter-calibra-
tion of non-homogeneous networks of instruments on the ground.

While summarizing some key findings in the development of applications of precipitation ra-
dars, this report also highlights the need for continuity of such observations after the GPM /
CloudSat, EarthCare era for (i) continuing the production of state-of-the-art inter-calibrated
multi-platform precipitation products, (ii) pursuing the assimilation of this kind of observations
into weather forecasts, and (iii) standardizing calibration procedures of ground networks.

Regarding instrumental details, this report also advocates for improvements in the current gen-
eration of sensors for filling science gaps in the current observing system (Battaglia et al.,
2020). Among them, a wider swath for space radars would improve the sampling, enhance
calibration procedures and magnify their impact on weather forecasts. Improvements in sensi-
tivity, vertical and horizontal resolutions and multi-frequency capabilities would allow over-
coming some limitations in retrieving precipitation and facilitate cloud-resolving model vali-
dation. New capabilities such as Doppler measurements would also be beneficial to several
applications, in particular to Numerical Weather Prediction, which lacks observational con-
straints on cloud-scale dynamical fields.
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1. Introduction

Spaceborne precipitation radars such as the instruments currently onboard the Global Precipi-
tation Measurement mission, CloudSat, and the future EarthCare mission offer unique profiling
capabilities of clouds and precipitation at a global scale. While being a precious source of in-
formation for atmospheric research (Hou et al., 2014; Stephens et al., 2002), many applications
have also emerged from these instruments.

The present document aims at illustrating different applications of cloud and precipitation radar
observations that have been fostered by exchanges within the IPWG community since it was
established as a permanent Working Group of the Coordination Group for Meteorological Sat-
ellites (CGMS) on 20-22 June 2001 in Fort Collins, CO.

The first section of this report summarizes the very mature use that the precipitation retrieval
community makes of cloud and precipitation radars, to generate operational rainfall estimation
products that are then used for various applications.

The second section describes how these active remote sensing observations are currently used
within the Numerical Weather Prediction (NWP) community, which started to explore the use-
fulness of such data more recently, but that is also eager to move forward and improve their
applications with cloud and precipitation radar data.

A third section gives an example of an emerging application regarding the intercalibration of
ground-based radars with this unique source of observations.

A recommendation section regarding potential improvements of future instruments concludes
the report.



2. Use of precipitation radars for operational retrieval al-
gorithms

2.1 Use as calibrators for radiometer algorithms

2.1.1 The Goddard PROFiling (GPROF) algorithm

By Christian Kummerow

Passive microwave retrievals of precipitation have a long history encompassing statistical,
physical, and hybrid methods to derive relationships between rainwater and brightness temper-
atures (e.g., Wilheit et al., 1991, Petty, 2001, Hilburn and Wentz, 2008). To overcome perfor-
mance issues related to insufficient information content, a number of Bayesian techniques were
developed in the late 1990’s that relied on Cloud Resolving Models to construct a-priori data-
bases of possible precipitation profiles to help constrain the retrieval problem (e.g. Bauer et al.,
2001, Kummerow et al., 2001, Marzano et al. 1999). With the advent of the Tropical Rainfall
Measuring Mission (TRMM), and later the Global Precipitation Measurement (GPM) mission,
these methods were generally adapted to use observed satellite radar/radiometer retrievals
(Haddad et al., 1997) to construct more robust a-priori databases (see Figure 1). When the
vertical profiles of rainfall were constrained by the TRMM Precipitation Radar (PR) as was
done in Kummerow et al. (2006) for the GPROF algorithm, the potential biases introduced by
the cloud-resolving model are reduced significantly as described in that paper. In the case of
TRMM, however, these databases were limited to rainfall structures observed in the tropics,
and cloud resolving models continued to be used for extratropical precipitation. This changed
with GPM, which covers up to 66° latitude. While not covering the entire globe, the GPROF
databases used by the GPM program are constructed databases not on the basis of latitude and
longitude, but on the basis of 2-meter temperature and column integrated water vapor. The
entire range of temperatures and water vapor are more or less covered by the 66° coverage
which makes for a complete database. Some issues with the databases have nonetheless per-
sisted. The GPM radars have limited sensitivity (12 dBZ for both Ka and Ku radars, Hou et al.,
2009). These are not sufficiently sensitive to capture drizzle or light snowfall. While CloudSat
(Stephens et al., 2002) does have sufficient sensitivity, its narrow beam observed along a single
nadir track is not sufficient to fully cover a radiometer footprint and other assumptions must
be made before these data can be used to complete the a-priori databases. All radars also have
known underestimation issues in orographic situations where heavy, but very shallow precipi-
tation is often masked by ground clutter from the complex terrain (Houze et al., 2017).

GPROF’s original database was created from a full year of TRMM data spanning June 1, 1999
to May 31, 2000. The above procedure created roughly 6.2¢107 raining and non-raining pro-
files. This database was updated with every revision of the radar/radiometer combined product
through the TRMM era. It has since been replaced with the radar/radiometer combined product
produced by GPM for the period of Sept. 1, 2014 to Aug. 31, 2015. Here too, the GPROF
database is updated with each iteration of the combined radar/radiometer product from the
same time period in order not to interleave changes in the database from changes in the product
upgrades. However, GPROF has occasionally used the radar/radiometer product that is one



version older because the product needed to construct the databases and testing was not avail-
able in time. The GPROF output header always provides information as to the combined ra-
dar/radiometer product used to construct the a-priori database.

Precipitation GMI _Precipitation GMI + Comb MS

560N = N = N
amchat/kfﬁ) Kamchatka
-n . - .
51.9N— R 51.9N ——1 )
- o ° L
= . & g /
‘2 £ K {HERS,
C o i Jei % B, -

e

6,60 — 6.60—
; " i
“gsn—| L -p ]
a i -
oY)
B
; ﬂ?‘;
(/«"‘ : _
ﬁs‘f
b, _|

November 7t, 2014 | November 7%, 2014
| | | | | " | | | | |

150,08 15028 15838 18258 18676 17086
15006 154.26 1583 182.5E 188.7E 170.86

Figure 1: An example of GPROF Retrieval is shown on the left. On the Right is the same GPROF retrieval but
the radar/radiometer product used to create the database is shown in the radar swath.

To date, the impact of changing rainfall characteristics on the database (i.e. using stable algo-
rithms but creating new databases for each year) has not been examined. This is because both
the combined radar/radiometer algorithms as well as GPROF have still been evolving and
changes from one version to the next are still larger than those expected from subtle changes
in year-to-year makeup of the a-priori databases. Updates to the combined radar/radiometer
product in particular, have been consistently larger than climate model predictions of 2-3%
precipitation increase per degree warming. Such trends are therefore not yet detectable.

Nonetheless, this will be an important experiment once the GPM radar and combined radar/ra-
diometer algorithms have stabilized sufficiently, and the issue of light and orographic precipi-
tation that are only being addressed with V5 and V7 of GPROF, respectively, have been ade-
quately resolved.

2.1.2 The IMERG combined product: further calibration for merging mul-
tiple source Level-2 products

By George J. Huffman, David T. Bolvin and Chris Kidd

The precipitation datasets described above and used as input for the Integrated Multi-satellitE
Retrievals for GPM mission (IMERG) are inter-calibrated to the TRMM or GPM combined-
sensor estimates from the Combined Radar-Radiometer Algorithm (CORRA), which are
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deemed the highest quality following Huffman et al. (2007). As TRMM and GPM have pre-
cessing orbits, time/space coincidences between the narrow radar swaths and the partner polar-
orbit satellite radiometer swaths are too sparse to provide stable seasonal-scale calibrations. In
contrast, the CORRA-TMI/GMI coincidences with the partner satellites are continuous as the
PR/DPR swath is embedded in the TMI/GMI swath. Therefore, IMERG intersatellite calibra-

tion is performed in two steps.

=> First, seasonal climatological calibrations are computed between TMI/GMI and the rest
of the partner radiometers. This is possible because of (a) reasonable overlap of the
(wider) TMI/GMI swath with the other radiometer swaths, and (b) the reasonably con-
sistent match between TMI/GMI radiometer characteristics and those of the partner
radiometers. The TMI- and GMI-to-partner-satellite calibrations are computed using
22 15° zonal histogram bands overlapping at 5° increments for ocean to enhance sam-
pling. A single histogram is used for land due to sampling concerns.

=>» Second, dynamic 45-day calibrations are computed between CORRA and TMI/GMI at
the end of each pentad, due to variations in regional relationships between active and
passive sensors for different weather/climate regimes. The TMI- and GMI-to-CORRA
matched histograms are accumulated and computed at the 1°x1° grid resolution, using
a 3°x3° template to smooth the field, and then converted to a calibration look-up table.

=>» Finally, these calibrations are applied sequentially to approximate a CORRA-partner

radiometer calibration that varies in space and time.

In the TRMM era there is no explicit calibration outside the latitude band 33°N-S, so back-
ground monthly climatological GPM-era GMI-CORRA histograms and correction curves are
used to fill in the corrections for the latitude bands 33°-90° N and S. The resulting corrections
are based on TRMM for the latitude band 25°N-25°S, volume-adjusted GPM for the latitude
bands 33°-90° N and S, and a blend of the two in the latitude bands 25°-33° N and S. The goal
is to match the GPM correction structure outside the TRMM coverage area, while maintaining
the volume of the TRMM estimates. This was necessary, as directly extrapolating the TRMM
region calibrations to the poles created artificially low precipitation values.

2.1.3 The Global Satellite Mapping of Precipitation (GSMaP) product
By Shoichi Shige, Kazumasa Aonashi, and Takuji Kubota

The GSMaP microwave algorithm (Aonashi et al. 2009) derives the optimal precipitation for
which brightness temperatures (TBs) calculated by a Radiative Transfer Model (RTM) best fit
with the observed TBs. The RTM requires a priori models for precipitation-related variables
(precipitation profile, particle size distributions (PSDs), frozen particle densities etc.). We have
used TRMM/GPM radar data to construct the precipitation-type classification method (Ta-
kayabu 2006), and drop size distribution model (Kozu et al. 2009; Yamaji et al, 2020), which
have been renewed after the major updates of the TRMM/GPM radar level-2 data sets.



TRMM/GPM radar data are also used in evaluating retrievals from the passive microwave ra-
diometers (Kubota et al. 2007;2009, Kida et al. 2009). In order to evaluate the impacts of cli-
mate change on the precipitation-related variables, the GSMaP team is now working on esti-
mating the precipitation-related variable variations in terms of atmospheric temperature and
humidity,derived from global analysis (GANAL) and forecast (FCST) data by the Japan Me-
teorological Agency (JMA; Kubota et al. 2020). One additional feature of the algorithm is
orographic rain classification. Previously, conspicuous underestimation of rainfall was found
over coastal mountain regions of the Asian monsoon region, including Japan (Kubota et al.
2009b), Korea (Kwon et al. 2008), Taiwan (Taniguchi et al. 2013), and India (Shige et al.
2015). Spaceborne precipitation radars revealed that heavy rainfall in these areas is frequently
associated with low precipitation-top heights (PTHs), which is inconsistent with the look-up
tables (LUTs), where heavy rainfall is associated with high PTHs.

Therefore, an orographic/non-orographic rainfall classification scheme to identify orographic
rainfall with low PTHs and select an appropriate LUT has been incorporated into the GSMaP
algorithm (Shige et al. 2013; 2015; Taniguchi et al. 2013; Yamamoto and Shige 2015; Yama-
moto et al. 2017). This classification scheme is based on topographically forced upward motion
and convergence of surface moisture flux and results in improvement of rainfall estimation
over the entire Asian region. However, the initial scheme misclassified cold orographic rainfall
with high PTHs and caused overestimation of rainfall over regions with strong lightning activ-
ity, leading to switching off of the scheme over the regions (Yamamoto and Shige 2015).

Misclassification of the scheme implied that topographically forced upward motion initiates
rainfall, but it does not fully constrain PTHs. Shige and Kummerow (2016) examined relation-
ships between the thermodynamic characteristics of the atmosphere and the PTHs of heavy
orographic rainfall in coastal mountains in the tropics and inferred that low-level static stability
is the key parameter determining PTH. Low-level static stability is now being introduced to
the scheme of the GSMaP algorithm instead of convergence of surface moisture flux, leading
to detection of orographic rainfall with low PTHs even in the regions with strong lightning
activity where the scheme has been switched off. The scheme might take into consider changes
of precipitation characteristics due to the changes of low-level static stability associated with
climate change.

2.2 Validation of retrievals where no other reference data exist

By Pierre-Emmanuel Kirstetter, Viviana Maggioni

Current validation efforts of satellite rain retrievals use ground-based references (from rain
gauges measurements and/or weather radar observations) to assess random and systematic er-
rors associated with multi-satellite precipitation products. Thus, such efforts are limited to local
and regional applications and to the availability of those reference datasets. Nevertheless, an
accurate mapping of global precipitation and associated uncertainties is fundamental for an
effective use of satellite products in any application, from natural hazard mitigation, to water
resources management, and vector-borne disease monitoring (Kirstetter et al. 2014). Further-
more, the performance of satellite precipitation products highly depends on the local geography
(e.g., topography) and climate (e.g., seasonality), which is also why having a unique global
reference for assessing such performance is extremely precious (Maggioni et al. 2016).



Spaceborne radars offer not only a global, but also high-resolution benchmark for evaluating
multi-satellite precipitation products. A recent study by Khan et al. (2018) explored this idea
and investigated the viability of using the GPM Dual-frequency Precipitation Radar (DPR) as
a reference for evaluating a suite of IMERG products. They demonstrate that DPR could pro-
vide a valid benchmark for quantifying random errors associated with the infrared component
of the IMERG precipitation estimates. They also concluded that a climatic zone-specific error
characterization would be preferable when estimating errors and uncertainties associated with
the IMERG products.

Although promising, using precipitation radar retrievals as a reference to validate multi-satel-
lite precipitation products needs to be carefully carried out and can be challenging. First off,
satellite radars do not provide the independent set of observations that is required for an objec-
tive assessment of multi-satellite product performances. As calibrators of the passive micro-
wave (PMW) sensors that equip most of the satellite platforms in the GPM constellation, they
are used to populate the retrieval databases and train the PMW retrieval algorithms, as ex-
plained in Section 2.1. The characteristics of the radar instruments (e.g., the sensitivity which
defines the detection of rain and snow) and the design of the radar algorithms (e.g., the identi-
fication of precipitation types which impacts estimation biases) condition the detection and
quantification of precipitation by PMW sensors used in multi-satellite products. Nevertheless,
there exist several levels of processing from the radar estimates to the merged products (like
the calibration procedure performed for the IMERG product explained in Section 2.1.3), mak-
ing the latter significantly different from the original radar inputs. Plus, the radar algorithms
are constantly evolving, and PMW training data are often built with a different (former) version
of current radar precipitation estimates. However, this also implies that the outcomes of any
validation exercise are only fully representative of the radar and multi-satellite algorithm ver-
sions that are used in the comparison.

Second, spaceborne radars require care in use for the evaluation of multi-satellite precipitation
products due to spatial discrepancies. Radars offer orbital precipitation estimates at a spatial
resolution from 1.5-km to 5-km (footprint size), which needs to be spatially regridded for com-
parison with multi-satellite merged products like IMERG (0.1° resolution). While that can be
simply accomplished by averaging all the radar values falling within a specific multi-satellite
pixel, this process adds a level of uncertainty and potentially introduces new errors.

Third, radar observations are near-instantaneous and therefore would have to be aggregated to
the temporal scale of the merged products (e.g., 30-min for IMERG). Because the revisit time
of satellite platforms is exceedingly long with respect to typical temporal variability of precip-
itation at the multi-satellite product resolution, there is currently no robust way to extend the
temporal representativeness of instantaneous radar estimates to the desired temporal resolution.
The temporal discrepancy adds undesirable errors that can compromise the performance as-
sessment. In other words, even if the radar and merged products were free of any error, they
would not yield the same precipitation rates because of uncertainties in the temporal and spatial
matching.

Spaceborne radars are particularly suited to perform the validation of multi-satellite precipita-
tion product components because the spatio-temporal discrepancies can be better constrained
(e.g., Rysman et al. 2017; You et al., 2020). Level-2 PMW precipitation estimates from indi-
vidual radiometers that constitute the backbone of the GPM constellation provide also instan-
taneous estimates. Acknowledging that none of the instantaneous observations produced from
these sensors are unambiguously sensitive to the underlying near-surface precipitation, the un-



certainties that originate from the limited sensitivity of the radiometer channels directly prop-
agate into the multi-satellite estimates. While challenging, establishing an absolute assessment
of error with a common reference dataset that is globally available can only be achieved
through spaceborne radars. Such comparisons can be performed over regions lacking precipi-
tation references such as oceans, and intercompare the values of sensor types in the constella-
tion (e.g., imagers versus sounders) in order to prioritize their inputs into Level-3 multi-satellite
products. This approach provides insight on the error introduced at early steps when computing
the Level 3 product, rather than on the accumulated error obtained by carrying out a comparison
at the end of this process.

In conclusion, acknowledging the limitations highlighted above, assessing how multi-satellite

precipitation products perform with respect to spaceborne radar estimates can still be extremely
informative, especially in regions where ground observations are sparse or missing altogether.
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3. Use of precipitation radars for Numerical Weather Pre-
diction applications

3.1 Status of NWP observation operators for precipitation radars

The use of space-based radars in NWP is still a nascent application. Because of the current
limited space and time sampling of these instruments, the NWP community has indeed given,
so far, a lower priority to their assimilation compared to passive microwave instruments. The
usage of the latter instruments for initializing NWP models becoming very mature (Geer et al.,
2017b), NWP centers are now making steps toward the operational assimilation of space pre-
cipitation radars. For instance, the appropriate tools to include space-based radars within NWP
applications are currently being integrated into several routinely used observation operators.
Indeed, many forward operators have been developed within the international community to
support the simulation of cloud and precipitation radars (e.g. Bodas-Salcedo et al., 2011), in-
cluding the advanced modeling of complex effects like sub-grid cloud variability (e.g. Webb
et al., 2001) or multiple scattering (e.g. Hogan and Battaglia, 2008). Nonetheless, there are
only a few observation operators for space-based radar which are compatible with operational
NWP requirements (e.g. fast enough, equipped with linearized versions, ...). Three examples
are presented in sections 3.1.1 to 3.1.3: the JCSDA Community Radiative Transfer Model
(CRTM) using the Community Active Sensor Module (CASM, Johnson 2016); the RTTOV-
SCATT model and the ZmVar software, which provide a suitable basis for the forward operator
in that they simulate both radar reflectivity and attenuation arising from hydrometeors; and the
operator developed by JMA, which led to the first worldwide operational assimilation of DPR
data, and is presented in section 3.3.

3.1.1 CRTM and the Community Active Sensor Module (CASM)
By Benjamin T. Johnson

Figure 2 below demonstrates the simulation capabilities of the CRTM+CASM combination for
accurate simulation of radar reflectivities. The scattering properties are derived from either Mie
Theory, in the case of spherical particles, or from the discrete dipole approximation (DDA i.e.,
using the DDSCAT model of Draine and Flatau, 1994). Two-way path-integrated attenuation
is computed from both hydrometeor and gaseous absorption, the latter being non-negligible at
Ka-band (35.6 GHz) and higher frequencies. In addition to the reflectivity computations,
CASM provides the tangent-linear, adjoint, and Jacobians (K Matrix values), which are com-
puted at each vertical level with respect to the various hydrometeor properties. At present there
is no Jacobian computation for the surface reflection, and radar multiple scattering is not ex-
plicitly computed. Similar to RTTOV, the CRTM provides a “cloud fraction” capability, which
partitions cloud water content in a given cloud layer. CASM has not been tested with variable
cloud fractions, and it is expected that it could significantly impact the computed reflectivities
and associated Jacobians.

To date, no operational center in the United States has attempted assimilating radar observa-
tions using CRTM+CASM. Some efforts have been made toward operational assimilation of
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radar reflectivities in the Gridpoint Statistical Interpolation (GSI) DA system, such as Wang
and Wang (2017), but their approach was done without linearized elements. U.S. assimilation
of radar-derived products is common in research applications (e.g., Pan et al. 2018, Lai et al.
2019, Li and Wang 2008). However, operational assimilation of satellite-based radar observa-
tions and derived products remains as a challenge. In the near future, CASM will be tested
within the Joint Effort for Data assimilation Integration (JEDI) framework
(https://www.jcsda.org/jcsda-project-jedi), recently released by the JCSDA, which will enable
testing in a variety of NWP systems that are connected through JEDI.
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Figure 2: Example of (a) the CRTM + CASM simulation, compared with (b) the GPM DPR observations at Ku-
Band. This includes attenuation correction using the dual-wavelength ratio approach of Meneghini, and near-
surface noise removal described in Johnson, 2007.

3.1.2 The RTTOV-SCATT software
By Philippe Chambon and Alan Geer

As mentioned above, similar efforts to the CASM software have been conducted under the
EUMETSAT NWP SAF. In the past 15 years, the RTTOV-SCATT software (Bauer et al.,
2006) has been continuously improved to support new instruments as well as providing more
accurate simulations for a broad range of frequencies. This includes the possibility of using
advanced radiative properties to represent hydrometeors, such as three dimensional particle
shapes and a variety of particle size distributions (e.g. Geer and Baordo, 2014, Geer et al.,
2021a) ; these are highly variable in nature and the settings require some degree of tuning or
parameter estimation (e.g. Geer, 2021b). Recently, RTTOV-SCATT capabilities have been
augmented to simulate cloud and precipitation radar observations, thanks to a collaboration
between ECMWF and Météo-France. In its first implementation this simulator suffers from a
few limitations, like not realistically simulating the effects of melting hydrometeors or the ef-
fect of multiple scattering. Nonetheless, it is likely to be broadly used for the assimilation of
spaceborne precipitation radars into NWP models because it is equipped with the necessary
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Tangent Linear and Adjoint versions of the non-linear operator, and because it will provide
macrophysical (e.g. cloud overlap) and microphysical (e.g. PSD and particle shape) con-
sistency with the equivalent RTTOV operators for passive microwave. Work will continue to
add features including all those available in the ZmVar operator, such as more sophisticated
cloud overlap (see below). With the availability of the recently released RTTOV V13, includ-
ing this radar observation operator, Météo-France is planning to set up the monitoring of cur-
rent (GPM-DPR) and future (EarthCare) precipitation radars. This monitoring will be a useful
tool for future physics developments (see Section 3.2). This simulator will also be used at
ECMWEF as described below, and is also in testing at JMA.

3.1.3 The ZmVar simulator

By Alan Geer

Developments towards assimilating EarthCARE data at ECMWF have produced an additional
operational quality radar operator, known as ZmVar (DiMichele et al., 2012; Fielding and Jan-
iskova, 2020, and references therein). This provides simulations at W-band (and lidar) and has
been proven in experimental direct assimilation of CloudSat observations (Janiskova and Field-
ing, 2020). Microphysical assumptions are simulated in a similar way to RTTOV, albeit with
different choices of PSD and frozen particle shape. There are two cloud overlap options, one
similar to RTTOV’s random overlap, one a more sophisticated two-column approach (Fielding
and Janiskova, 2020). Multiple scattering is not represented. ZmVar represents the state of the
art for operational radar operators but it is not publicly available. The radar part of ZmVar will
potentially be replaced by RTTOV at ECMWF once the same level of functionality is available,
making it easier to ensure consistent assumptions across passive and active microwave obser-
vation operators.

3.2 Use of precipitation radars for validation of NWP models

By Alan Geer, Philippe Chambon and Mary Borderies

Away from the areas covered by ground radar systems, space radar offers unique observations
for validating and informing the development of forecast models. Increasingly, this validation
is done in the observation space, using observation (forward) operators to simulate radar ob-
servables from the model fields. In this context, validation and model development are closely
linked to the data assimilation process used in weather forecasting. The forward approach
means that the information content of the observations is used most optimally, since validating
against retrievals implicitly incorporates the assumptions made in the retrieval along with the
observing limitations of the instruments (as an example, Duncan and Eriksson, 2018, have
shown large differences in ice water path products due to varying microphysical assumptions
and instrument sensitivities). In the forward validation approach, a good match between simu-
lated and observed precipitation radar would clearly confirm that the model can simulate the
types of rain and snow to which the instrument is sensitive, as long as microphysical and mac-
rophysical assumptions can be made consistent with the model under validation, and as long
as there are no compensating errors elsewhere in the modelling. However, a precipitation radar
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at just one or two frequencies could not validate all rain and snow in the model, from the light-
est to the heaviest. For instance, as mentioned in Section 2.1.2, the GPM precipitation radars
have a limited sensitivity, therefore the comparisons to the model with the forward approach
will not allow conclusions on light precipitation. It is therefore difficult to draw conclusions
about precipitation occurrence and/or precipitation intensity model issues with these single in-
struments. To fill any gaps requires additional instrumentation - so Ka/Ku band radar would
be used to validate heavier rain and W band for lighter rain.
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Figure 3: Cloud and precipitation sensitive observations: now and near future (Source: A. Geer and S. English,
ECMWF)

A comprehensive model validation strategy includes radar as a key part of the full range of
available operational observations from ground and space, including passive measurements
from the microwave to the solar wavelengths (Figure 3). With sufficient observation types
giving varied but overlapping sensitivities, observations will eventually become capable of
constraining both the resolved fields in forecast models (e.g. the hydrometeor mixing ratios)
and the macro-physical and micro-physical assumptions made in moist parameterizations and
observation operators, such as sub-grid heterogeneity and overlap, along with particle shapes
and size distributions (e.g. Geer et al., 2017a). This ambitious goal is known as “macrophysical
and microphysical closure”.

In order to facilitate such a multi-instrument validation, one goal could be to have all these
observations simulated and compared to the model within a single unified framework. This is
something a data assimilation framework can offer to process all observation types in a con-
sistent way. In addition, observations do not need to be active in those frameworks (in the sense
of them contributing to the cost function of a DA system and therefore to its analyses) but can
also contribute to the simple monitoring of the model. This way, observations and their model
equivalent are systematically computed and ready to be used for model diagnostics. As men-
tioned in Section 3.1, spaceborne precipitation radars have received less attention than some
other observations within the NWP community, likely because of their current narrow swaths
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and sparse overpasses, but this may change in the future based on the very fruitful studies which
have been performed in the community.
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Figure 4 :Ku-band DPR reflectivity at different altitude above sea level (from left to right: 2.5 km, 3 km and 4.5
km) over southwestern Europe on 2 October 2020. Observations are in the bottom panels. The co-located AROME
simulations (using RTTOV13) are depicted in the top panels. The altitude above sea level is represented by the
shadings in the background.

Spaceborne precipitation and cloud radars provide valuable information about microphysical
properties and are a clear asset to validate kilometer-scale NWP models. Because of their
higher sensitivity to the smallest particles and their finer vertical resolution, they also comple-
ment ground-based precipitation radar data over land. As an example, the GPM DPR was used
to validate the Météo-France operational kilometer-scale NWP model AROME for a heavy
rainfall event which occurred over southern Europe in early October 2020. The RTTOV-
SCATT forward operator is applied to AROME 1-h forecasts to simulate the Ku-band DPR
reflectivity. Attenuation by hydrometeors and water vapor is accounted for. Figure 4 shows in
the top panels (bottom panels) maps of the simulated (observed) Ku-band radar reflectivity at
2.5 km, 3 km and 4.5 km above sea level (from left to right) on 2 October 2020. Figure 4
indicates that the overall simulated reflectivity pattern matches the observations well. How-
ever, there is a clear underestimation of the reflectivity at an altitude of about 3 km, which is
probably due to the inaccurate representation of the bright-band used in RTTOV 13 to simulate
the reflectivity in the melting layer. Indeed, as shown in Figure 5, the melting layer is located
at an altitude of approximately 3 km. Therefore, the use of spaceborne radars in and above the
melting layer requires further investigation before operational use (monitoring or data assimi-
lation).
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Figure 5: Height of the 0°C isotherm for the Météo-France km-scale NWP model AROME (left) and for the
observations (right).

A sophisticated example of model-to-observation validation using a single sensor is given by
Di Michele et al. (2012). Here, Cloudsat was used to reveal potential issues in the ECMWF
model, such as deficient occurrence of precipitation in the Southern Hemisphere storm track.
The uncertainty of assumptions in the forward modelling (such as cloud overlap and particle
size distributions) was quantified, allowing a more confident discrimination of features thought
to be biases in the forecast model. There is great potential for validating models in this type of
framework, but the ultimate aim must be to improve the forecast models.

This can be achieved through trial and error and scientific intuition, but the combination of
information from many different observational sources will likely require fully automated and
objective model development techniques on the boundaries of machine learning and data as-
similation (Schneider et al., 2017, Geer, 2020a). Existing development of such approaches has
focused on parameter estimation, a type of data assimilation. This is difficult for many reasons
and has not yet been applied to space radar, but its potential can be seen in recent work. One
example is the tuning of the autoconversion parameter in a large-scale condensation scheme
using observations of outgoing long wave and shortwave radiation (Kotsuki et al., 2020). An-
other is the simultaneous tuning of six different assumptions in the RTTOV all-sky passive
modelling, based on model-observation departures from SSMIS (Geer, 2020b). In this kind of
work, precipitation radars are expected to better constrain the vertical description of precipita-
tion profiles, the particle size distributions at each level, and hence to indirectly constrain as-
pects of the forecast model, such as evaporation processes.

3.3 Data assimilation of precipitation radar data

By Yasutaka Ikuta, Kozo Okamoto and Alan Geer

As mentioned in previous sections, spaceborne precipitation radar such as GPM DPR provides
valuable observations of precipitation systems in three dimensions. The assimilation of DPR

data is becoming an important technique for improving the accuracy of forecasting to comple-
ment scarce ground-based radar observation for example over the ocean.

As a data assimilation method for the radar data, an indirect assimilation method that combines
1D Bayesian (1D-Bay) estimation and 3D / 4D variational data assimilation has been adopted,
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and it has led to improved forecast accuracy. Firstly, the 1D-Bay estimation with 3D-Var as-
similation was developed as a ground-based radar assimilation technique (Caumont et al.,
2010, Wattrelot et al., 2014). In addition, 1D-Bay+3D/4DVar has proven to be effective in
assimilating many other remote sensing assimilation (Augros et al., 2018; Borderies et al.,
2019, Duruisseau et al. 2019).

(a) (b) (c)

g By . %
PO T | LT A

Figure 6: The 3-hour accumulated precipitation of (a) observation, (b) T+33hr forecast without DPR and (c) with
DPR at 0900 UTC on 9 September 2015.

JMA has employed the one-dimensional maximum likelihood estimation (1D-MLE) method
(Ikuta et al. 2021) that was developed from the 1D-Bay method. 1D-MLE enables the estima-
tion of relative humidity (RH) profiles according to a non-Gaussian probability density func-
tion. In the 1D-MLE, the vertical profile of RH is first obtained from reflectivity profiles. Next,
the estimated RH profiles are assimilated as conventional observations in the 4D-Var. The 1D-
MLE performs correctly if 1D-Bay underestimates RH near supersaturation and overestimates
RH in the case of bimodal-distribution.

The impact of data assimilation using estimated RH profiles from DPR was evaluated on
JMA’s mesoscale NWP system. The result showed that the effect on the upper atmosphere
verified against radiosonde observations was neutral and the forecast of precipitation was im-
proved over the one without DPR. For example, precipitation forecasts with DPR assimilation
were improved in severe weather events that caused large floods (Figure 6). It was also found
that forecasting accuracy was maintained for a narrow DPR swath and low revisit frequency
by repeating the assimilation-forecast cycle. Since the effectiveness of DPR assimilation was
confirmed, JMA operationally began assimilating DPR data with the ID-MLE approach, start-
ing in March 2016.

The issues of DPR assimilation at JMA remains that the estimated RH is not assimilated in
regions where the background temperature is below 0 deg C. Therefore, DPR data are rarely
assimilated in winter. This data screening was adopted due to both the model bias at the ice
phase as pointed out in Okamoto et al. (2016) and the simplified observation operator based on
spherical particle shape.

Recently, JMA has been developing the radar simulator for non-spherical particles. In addition,
the biases caused by the NWP model were reduced by improving the cloud microphysics
scheme itself (Ikuta et al. 2020). JMA is also developing a 4DV AR system using a Tangent-
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linear/Adjoint model of the cloud physics scheme, and keeps the research on the direct assim-
ilation of reflectivity for future JMA operational system.

In addition to the operational development, JMA has been investigating the direct assimilation
of reflectivities of GPM/DPR in a research-based data assimilation system (Okamoto et al.
2016). In their study, assimilation of reflectivities of KuPR and KaPR corrected hydrometeors
as well as dynamic field and relative humidity in ensemble-based variational scheme (EnVar;
Aonashi et al. 2016). Note that this research also excluded reflectivities in the ice scattering
regions because of difficult treatment of significant overestimation of frozen hydrometeors in
the forecast model. Single-cycle assimilation experiments suggested that the reflectivity assim-
ilation produced analysis increment with fine horizontal structure of hydrometeor and vertical
wind and complemented a broad analysis increment of humidity and dynamic field from col-
located GMI microwave imager data. It should be noted that DPR was able to make detailed
analysis but with limited spatial impacts because of relatively narrow observation coverage and
strict quality control in the assimilation system to avoid contamination from model bias. Thus,
effective usage of precipitation radar requires synergetic use of observations with wide cover-
age such as microwave imagers and reliable background fields. This was demonstrated in better
analysis and TC track forecasts from synergetic usage of DPR and GMI compared with use of
the individual sensors (Okamoto et al. 2016).

Direct assimilation of radar reflectivity for weather forecasting has recently been demonstrated
by Janiskova and Fielding (2020), who assimilated CloudSat observations (along with Calipso
lidar) into the ECMWF forecasting system. The impact on forecast quality was broadly neutral,
but this is still considered a positive result. When the observations are part of the data assimi-
lation system they become routinely available for model validation and development activities,
as mentioned in Section 3.2. Further, passive all-sky radiance assimilation also had small im-
pact initially, but after many years of development, and with the availability of larger numbers
of sensors, it now provides almost 20% of short-range forecast impact in the ECMWF system
(Geer et al, 2017b). Hence it is envisaged that further development of precipitation radar as-
similation will also lead to clearer positive impacts on forecasts. The CloudSat results were
obtained in the framework of a long-running project to prepare for the launch of EarthCARE.
With the techniques now proven and most of the tools in place, the EarthCARE data is expected
to be assimilated soon after launch, assuming that trials show a positive or neutral forecast
1mmpact.

ECMWEF is also preparing to assimilate the DPR, although this activity is less mature than the
EarthCARE work. This approach will use the RTTOV radar operator and will exploit synergies
with the existing all-sky passive microwave assimilation (particularly GMI) by using exactly
the same microphysical and macrophysical assumptions. The 245 km swath of DPR is expected
to help increase the direct impact of assimilation more than the single nadir beam of CloudSat
or EarthCARE. The indirect benefit on model development is also expected to be substantial
as it will help to further characterize biases such as the imperfect diurnal cycle of convection
over tropical land surfaces in the ECMWF model (e.g. Chambon and Geer, 2017).
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4. A perspective of operational applications: devel-
opment of techniques to monitor the calibration of
ground radar networks

By Alain Protat and Valentin Louf

The quantitative use of operational data from weather radar networks requires accurate cali-
bration procedures to achieve radar calibration to better than 1 dB. The cost of maintaining
such a high calibration standard using radar engineers' time for regular onsite checks is becom-
ing prohibitive for very large networks, such as in Europe (>200 radars), China (>200 radars),
the U.S. (~160 radars) or even Australia (~65 radars).

In this context, the development of calibration monitoring techniques not requiring human in-
tervention onsite is critical. The following techniques have been explored, all with specific
advantages and challenges:

= Using an external target (metal spheres, trihedral reflector, e.g., Atlas 2002; Chandra-
sekar et al. 2015) of known backscatter cross-section. Although it has been demon-
strated to provide accurate calibration measurements, there are several practical chal-
lenges that need to be overcome, such as the management of receiver saturation, loca-
tion of target within the radar beam, optimal distance to reflector, signal-to-clutter ratio,
and the impact of the atmospheric state between the radar and the reflector.

= Using drop size distribution measurements from surface disdrometers, from which re-
flectivities can be simulated using scattering calculations. An advantage of this tech-
nique is that calibration can be checked every time there is a rainfall event over the
disdrometer sites. The main challenges are the uncertainties in scattering calculations
and the fact that the volumes sampled by disdrometers and radar are very different and
not collocated, requiring strong assumptions on the horizontal and vertical variability
of the drop size distribution.

= Using the so-called Relative Calibration Adjustment (RCA) technique, which employs
the 95™ percentile of ground clutter reflectivities at close range from the radar to track
calibration changes (Rinehart, 1978; Silberstein et al. 2008; Marks et al. 2009; Louf et
al. 2019). The main advantage of this technique is that it provides a very accurate track-
ing of calibration change (to within 0.2-0.3 dB, Louf et al. 2019). The main challenges
are that it does not provide an absolute calibration, which needs to be established by
another calibration technique, and the fact that a change in the 95" percentile of ground
clutter can also be attributed to other factors (a change in azimuth and elevation point-
ing, anomalous propagation, or a sudden change in the nature of the ground clutter
around the radars).

= Using the measured reflectivity of the Sun (e.g., Huuskonen and Holleman, 2007). This
well-proven technique provides a means to track changes in measured sun power and
radar pointing angles. However, it is not an end-to-end calibration technique, as it only
provides information about the receiver chain calibration, not the transmitting part of
the radar.
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= Using the "self-consistency" relationship between dual-polarization variables (e.g.,
Gorgucci et al. 1992; Goddard et al. 1994; Gourley et al. 2009). Although more work
needs to be done to better understand the regional variability of such relationships (Louf
et al. 2019), there is potential to achieve the required accuracy of 1 dB with such tech-
nique. A main limitation is that it requires high-quality dual-polarization observations.

= Using a calibrated airborne or spaceborne radar (Schwaller and Morris, 2011; Smalley
et al., 2014; Norin et al., 2015; Smalley et al., 2017; Warren et al. 2018; Louf et al.
2019). If such data are available within range of a ground-based radar, statistical com-
parisons between collocated volumes can be used to calibrate the ground-based radar.

In this section, the potential of the last approach, namely using spaceborne radars to calibrate
operational weather radar networks is discussed. The major advantage of such a technique is
that it provides a single source of reference for all surface radars, for any given national radar
network, and allows comparisons of calibration procedures used for different operational radar
networks, potentially providing an international benchmark. The other advantage is that the
calibration of spaceborne radars is monitored very closely by national space agencies respon-
sible for the spaceborne radar missions. The main challenges with such techniques are 1) the
assumption that the spaceborne radar is itself well calibrated, and 2) the difference in size and
acquisition times of the sampled volumes, requiring the development of volume matching tech-
niques.

Upon the launch of the first precipitation (Ku-band) radar in space as part of TRMM (Simpson
et al. 1996) and of the first cloud radar (W-band) in space (CloudSat, Stephens et al. 2002;
Tanelli et al. 2008), satellite / surface radar comparisons were initially used as part of the
ground validation programs of these satellite radar missions with the goal of establishing and
monitoring the calibration of the satellite radar using airborne or ground-based radars as the
reference (e.g., Protat et al. 2009). However, the successful development of accurate calibration
techniques unique to the satellite and aircraft viewing geometries (e.g., Durden et al. 2003;
Tanelli et al. 2008), backed by internal and external calibration checks (Takahashi et al. 2003)
has unlocked the potential to confidently use these spaceborne radars in the opposite direction,
as single sources of reference to calibrate surface weather radar networks.

The idea of using spaceborne radars to calibrate research-grade ground radars was first ex-
ploited in pioneering studies of Anagnostou et al. (2001) and Bolen and Chandrasekar (2000)
for TRMM, and Protat et al. (2011) for CloudSat. Many researchers have initially taken the
simple approach of remapping ground and satellite radar data to a common three-dimensional
Cartesian grid (e.g., Anagnostou et al. 2001; Bolen and Chandrasekar 2003; Park et al. 2015).
A more accurate approach, known as the Volume Matching Method (VMM), has been devel-
oped as part of the Ground Validation program of GPM (Hou et al. 2014) by Schwaller and
Morris (2011) to better account for differences in sampling volumes, partial beam filling effects
within the matched volumes, frequency differences, minimum detectable signal differences,
and temporal mismatches. Settings of the VMM have been carefully assessed and refined by
Warren et al. (2018) and Louf et al. (2019) to develop the first operational implementation of
a spaceborne radar calibration monitoring for the Australian weather radar network. Figure 7
shows the operational dashboard developed for the Australian operational radar network, which
hosts a patchwork from very old to very advanced S-band and C-band radars, located near
capital cities or in extremely remote regions. Until Figure 7 was produced, radar engineers
from the Bureau of Meteorology would have expected little variation in calibration between
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radars, and even more so within each state or territory of Australia, given that they are all
calibrated using the same procedures and by the same radar engineers within each region.

Providing an exact number for the accuracy of the satellite VMM calibration technique is a
challenging task. The standard deviation of the calibration error estimate is found to be quite
variable from one satellite overpass to another, as it depends on the number of collocated vol-
umes within an overpass and how well the underlying assumptions of the VMM are satisfied.
Broadly speaking, the standard deviation of the distribution of calibration error estimates from
all volumes matched of an overpass is generally between 2.0 and 3.0 dB, which is higher than
the requirement of 1 dB. However, when averaging all individual satellite overpass estimates
for a known stable period of calibration (using the RCA calibration tracking technique dis-
cussed previously), this error can generally be reduced to better than 1 dB (e.g., Louf et al.
2019). This is illustrated in Figure 8, showing a time series of individual DPR estimates for the
Sydney (Terrey Hills) radar over a stable 3-month period. In this example, the mean standard
deviation for each point in the time series is 2.8 dB, but the overall standard deviation of the
mean calibration error over the stable period is only 0.75 dB (from 12 overpasses).

This example from Figure § illustrates the main lesson learned from the operational develop-
ment of the GPM calibration technique in Australia, which is that the optimal framework for
accurate calibration of a radar network is to combine the strengths of multiple techniques. Aus-
tralia has settled on a combination of three techniques. The RCA (ground clutter) technique
provides an accurate tracking of calibration changes, but the solar calibration technique is
needed to ensure that a change in ground clutter reflectivity is not due to a change in azimuth
or elevation pointing accuracy or anomalous propagation. Once stable periods of relative cali-
bration are established with the combined RCA and solar calibration techniques, all satellite
estimates from individual overpasses are used to estimate an absolute calibration error.

Such a combined approach using CloudSat (and future follow-up spaceborne cloud radar mis-
sions) is also being developed to calibrate long-term observations from the cloud radars oper-
ated by the U.S. Atmospheric Radiation Measurement (ARM; see Kollias et al. 2019 for the
satellite comparisons; Hunzinger et al. 2020 for the RCA technique applied to higher-frequency
radars).
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Figure 7: A map of Australia summarizing the calibration errors of all radars of the Australian weather radar
network (as of September 2020). Current calibration procedures seem to underestimate calibration, with only a
quarter of the radars being calibrated to the 1 dB standard.
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Figure 8: Time series of DPR calibration error estimates (left) and the distribution of calibration error estimates
over the whole stable calibration period (right) for the Sydney (Terrey Hills) operational weather radar.
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5. Conclusions and recommendations for future space-
borne precipitation radars

This report highlighted both very mature and emerging applications of spaceborne cloud and
precipitation radars. These applications require a continuity of precipitation radar observa-
tions in the future to sustain development and/or operations:

=> Precipitation retrievals from passive microwave instruments require databases of co-
located passive and active microwave observations. These databases will need to be
repeatedly updated to account for an evolving climate. Multiplatform combined prod-
ucts also benefit from a continuous intercalibration of precipitation retrievals from the
various radiometers before merging and therefore constantly require recent radar ob-
servations.

=> Following the pioneering work of JIMA, NWP centers are getting prepared to monitor
and/or assimilate spaceborne precipitation radars. Major steps have recently been made
by releasing to the international community observation operators with capabilities
adapted to this endeavor. By definition, weather prediction always needs the most re-
cent observations to operate and recent announcements (e.g., Space News, “Climacell”,
February 24, 2021) from the private sector bolster the belief that radars in space are
useful for forecast improvements.

=> Other applications are emerging, like the pioneering work of the BoM on the use of
spaceborne precipitation radars to monitor ground-based radar networks, which can be
challenging in large regions by any other means. These techniques will require contin-
uous space radar observations to operate on a routine basis.

A number of aspects of the current generation of radars which could be improved in future
instruments have also been highlighted in this report:

=> Several applications would benefit from future instruments with a wider swath com-
pared to the TRMM, GPM, and CloudSat instruments (or a constellation of such radars
with the current swath). Spaceborne precipitation radars have received less attention
than other observations within the NWP community because of their current narrow
swaths. Radars providing higher rates of time/space sampling provide a higher capacity
for significantly improving numerical weather forecast skills. Considering the intercali-
bration required for combined precipitation retrievals, time/space coincidences between
the present narrow radar swaths and the LEO satellite radiometer swaths preclude stable
calibrations at the seasonal (or shorter) timescale. Intercalibration frameworks would
therefore benefit from a wider swath.

=> An improved sensitivity, resolution, and multi frequency capabilities of future in-
struments would also benefit several applications (Battaglia et al., 2020). The partition-
ing of hydrometeors (rain, snow, cloud water, ice water) performed by microphysical
schemes used in numerical models are becoming more and more complex and require
validation on a global scale. Multi-frequency observations provide the necessary obser-
vations to validate rain and snow as inferred in models, from the lightest to the heaviest.
Similarly, in precipitation retrieval techniques, issues remain with the databases based
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on the current generation of radars. The PR and DPR radars are not sufficiently sensi-
tive to capture drizzle or light snowfall, while CloudSat has sufficient sensitivity, but
its nadir-only track of fine-scale footprints is not sufficient to cover a radiometer foot-
print.

=> Improving the capabilities of instruments to observe closer to the surface would
also be very beneficial to several applications. Current radars have known underesti-
mation issues in orographic regions, where heavy, but very shallow precipitation is of-
ten masked by ground clutter from the complex topographic terrain. Side-lobe clutter
also contaminates a non-negligible fraction of observations when observing close to the
ground, which reduces their current sampling of shallow precipitation, no matter how
intense. A similar problem affects radars when detecting low clouds and shallow driz-
zling stratocumulus clouds (Lamer et al., 2020).

=> New capabilities such as Doppler measurements would also be very welcome for a
number of applications. For instance, the NWP community has shown that constraining
physical (condensed water mass, humidity, ...) and dynamical (winds) fields together
within initial conditions leads to positive impacts on the longest forecast ranges. Novel
missions involving differential absorption radars (Lebsock et al., 2015) and conically
scanning Doppler cloud radars (Illingworth et al., 2018) have been recently proposed
to provide such measurements.

The authors are aware that all the potential improvements highlighted in this report are very
challenging to achieve, both technically and financially, for space agencies. Nevertheless, ad-
dressing these issues in a prioritized way across the agencies’ programs would greatly benefit
the development and use of current and future applications of spaceborne precipitation radars.
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7. Acronyms list

ARM : ATMOSPHERIC RADIATION MEASUREMENT

CASM : COMMUNITY ACTIVE SENSOR MODULE

CGMS : COORDINATION GROUP FOR METEOROLOGICAL SATELLITES
CORRA : COMBINED RADAR-RADIOMETER ALGORITHM

CPR : CLOUDSAT PRECIPITATION RADAR

CRTM : COMMUNITY RADIATIVE TRANSFER MODEL

DA : DATA ASSIMILATION

DPR : DUAL FREQUENCY PRECIPITATION RADAR

ECMWEF : EUROPEAN CENTRE FOR MEDIUM-RANGE WEATHER FORECASTS
GMI : GPM MICROWAVE IMAGER

GPM : GLOBAL PRECIPITATION MEASUREMENT MISSION
GPROF : GODDARD PROFILING ALGORITHM

GSI : GRIDPOINT STATISTICAL INTERPOLATION

GSMAP : GLOBAL SATELLITE MAPPING OF PRECIPITATION
IMERG : INTEGRATED MULTI-SATELLITE RETRIEVALS FOR GPM
IPWG : INTERNATIONAL PRECIPITATION WORKING GROUP
JAXA : JAPAN AEROSPACE EXPLORATION AGENCY

JCSDA : JOINT CENTER FOR SATELLITE DATA ASSIMILATION
JEDI : JOINT EFFORT FOR DATA ASSIMILATION INTEGRATION
JMA : JAPAN METEOROLOGICAL AGENCY

MLE : MAXIMUM LIKELIHOOD ESTIMATION

NASA : NATIONAL AERONAUTICS AND SPACE ADMINISTRATION
NWP : NUMERICAL WEATHER PREDICTION

PMW : PASSIVE MICROWAVE

RCA : RELATIVE CALIBRATION ADJUSTMENT

RH : RELATIVE HUMIDITY

RTTOY : RADIATIVE TRANSFER FOR TOVS

SSMIS : SPECIAL SENSOR MICROWAVE IMAGER / SOUNDER

TMI : TRMM MICROWAVE IMAGER

TOVS : TELEVISION INFRARED OBSERVATION SATELLITE (TIROS) OPERATIONAL VERTICAL
SOUNDER

TRMM : TROPICAL RAINFALL MEASURING MISSION

VMM : VOLUME MATCHING METHOD
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